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Introduction
In recent decades, remark able advance ments in tech no logy have
trans formed the way we live, commu nicate, and work. Consequently,
all aspects of trans la tion have been profoundly impacted, resulting in
signi ficant changes. For example, the emer gence of new profes sional
roles driven by the rise of machine or computer- assisted trans la tion
(CAT) tools, the growth of large- scale collab or ative non- professional
trans la tions, and innov a tions in trans la tion theory stem ming from
tech no lo gical breakthroughs.

1

Further more, over the years, the demand for trans la tion has
increased as we live in a world where commu nic a tion is becoming
more multimodal and multi lin gual. Just as the Internet was begin ning
to spread widely, scholars agreed that the main goal of trans la tion is
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to convert a text origin ally written in one language into its equi valent
in another language, in a way that preserves the original’s meaning,
formal features, and func tional roles (cf. Bell, 1991).

The advent and devel op ment of new tech no lo gies such as Neural
Machine Trans la tion (NMT), gener ative AI, and Large Language
Models (LLMs) could facil itate the work of linguists. These tech no lo‐ 
gies offer signi ficant support with their ability to simu late natural
language—even when trans mit ting complex messages—and adapt
texts to the target culture. After all, as early as 1969, Nida and Taber
stated that trans la tion is the repro duc tion of the closest natural equi‐ 
val ence of the source language in the target language.

3

This led trans lators to learn how to collab orate with such digital
tools, as they can provide a signi ficant advantage in their work, espe‐ 
cially regarding time and collab or a tion. Quoting Valentina Piotto and
Giuseppe Sofo (2023� 236):

4

L’aspetto parti c ol ar mente interess ante di queste pratiche è che si
basano su una concezione completa mente diversa della tecno logia
digitale nella traduzione; lungi dall’essere la minaccia
“disumanizzante” che viene solit a mente percepita, l’apporto
tecno lo gico alla traduzione è visto in questo caso come uno
“stru mento di convivialità e uno stru mento di inter vento politico
umano”, basato su “un allonta na mento dal soggetto monadico della
traduzione trad iz ionale nella direzione di una plurisoggettività
dell’interazione” [Cronin, 2013� 102].

The most inter esting aspect of these prac tices is that they are based
on a completely different view of digital tech no logy in trans la tion.
Instead of being seen as the "dehu man ising" threat it is often
perceived to be, tech no logy’s role in trans la tion is regarded as “a tool
of convi vi ality and an instru ment of human polit ical inter ven tion”,
grounded in “a move away from the monadic subject of tradi tional
trans la tion to a plur isub jectivity of inter ac tion” [Cronin, 2013� 102].

As Piquet (2009) already stated, the concepts and tools related to
collab or ative work are not new. However, over time, they have gained
a whole new dimen sion due to the demo crat isa tion of inform a tion
and commu nic a tion tech no lo gies (ICT) in society and, consequently,
in our organ isa tions. When discussing collab or ative work, it is essen ‐
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tial to consider the substan tial tech no lo gical dimen sion and the fact
that all avail able collab or ative work tools are evolving rapidly in
response to market and user needs. They are maturing from tech‐ 
nical, economic, and social perspect ives, becoming more user- 
friendly, easier to install, and more cost- effective in terms of soft ware
and perform ance (Laurenti & Villareale, 2023).

There are many useful tools avail able online for collab or ative tasks at
present, each with specific tech nical features. A work group plan ning
to use them must consider several factors to ensure the chosen tool
is effective and suit able for achieving the goal and does not disrupt
the workflow.

6

Selecting the right tool for a specific task is essen tial in the collab or‐ 
ative process, as not all tech no lo gies suit every situ ation. Making an
informed decision can signi fic antly enhance the quality of the work.
However, simply choosing the correct tools is not enough to guar‐ 
antee that the task is performed correctly. It is crucial that all parti‐ 
cipants genu inely under stand what it means to work collab or at ively
and are fully committed to this approach, rather than trying to stand
out. In collab or ative work, indi vidual subjectiv ities merge to form a
unified group identity.

7

People working on a collab or ative trans la tion task using collab or ative
tools, like the several machine trans la tion tools avail able on the
market, must remember that all these are imper fect tech no lo gies
(O’Brien, 2022� 105); there fore, the risk of misun der stand ings in
written trans la tion remains high, espe cially because people involved
in the commu nic a tion cannot use their body language to help the
trans lator exactly under stand the meaning of their message.
Consequently, a thor ough revi sion of the trans lated text continues to
be essential.

8

For this reason, the study, carried out by the Inter na tional Center for
Research on Collab or ative Translation 1 (here in after the Center) at the
IULM Univer sity in Milan, invest ig ates how two groups of students
collab or ated with each other and with different digital tools to
under stand the bene fits that trans lators can derive from using tradi‐ 
tional computer- assisted trans la tion (CAT) tools, machine trans la tion,
and LLMs, and the most effective way to organise collab or ative trans‐ 
la tion work. It also exam ines the most common chal lenges asso ci ated
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with using these tools, providing an initial guide for profes sionals and
semi- professionals on how to approach trans la tion tasks with them.

Methodology
For this research, the Center collab or ated with the EMT- DGT
(European Master’s in Trans la tion – Directorate- General for Trans la‐ 
tion of the European Commis sion, Brussels) 2 and the Labor atorio di
Redat to logia e Traduttologia 3 of the Univer sity of Udine. The 20 texts
which the 10  students from the IULM Univer sity worked on were
sourced from the EMT blog, and the Italian trans la tions were then
published there. All the texts concerned trans la tion exper i ences; the
style and language were informal, as they are typical of inform ative
blog articles. Two students from the Univer sity of Udine helped IULM
students during the final revi sion step (12  students parti cip ated in
the experiment).

10

Groups and work organisation

This study aimed to eval uate whether using NMT or LLM tools for
trans la tion is worth while compared to tradi tional CAT tools, consid‐
ering that they tend to produce less accurate output requiring closer
revi sion. Consequently, it was essen tial to assess the quality of the
trans la tion relative to the total time spent on the task.

11

Given the numerous NMT and LLM tools avail able online, it was
neces sary to select the most suit able one for this partic ular trans la‐ 
tion task. There fore, the work began by first determ ining how to
assess the tools’ perform ance and selecting the appro priate metric to
use (see Section “Choosing the best AI- based tool for translation”).

12

Once this eval u ation was completed, the researchers proceeded to
divide the students into two groups of six people each (5  trans‐ 
lators/reviewers, 1 editor): one group trans lating using a free collab‐ 
or ative CAT tool (Smartcat) and the other post- editing the raw output
gener ated by the selected digital tool.

13

Students collab or ated to produce a trans la tion ready to be published
on the EMT blog, and the work flow was organ ised as follows (please
note that, when talking about “trans la tion”, we refer to the entire

14



CAT Tools or LLMs? Benefits and Challenges of Translating Collaboratively with Digital Tools: A Case
Study at IULM University

Group that worked with CAT- tool (Group A) Group that worked on AI output (Group B)

Each student first trans lated and checked a
part of the texts on Smartcat individually.
The entire group then collab or at ively checked
the trans la tions using the Smartcat
comment function.
Once the first self- revision was completed,
they extracted the bilin gual and mono lin gual
Italian files and uploaded them to a Drive
folder shared with all students
and coordinators.
In the Drive folder, they collab or at ively had a
final self- revision of all the texts they trans ‐
lated, even offline, using the
edit/comment function.

Each student first trans lated and checked
a part of the texts indi vidu ally, creating a
Word file to be uploaded to a Drive folder
shared with all students and coordinators.
The entire group then met on a Microsoft
Teams video call and collab or at ively
checked all the texts in real- time.
They uploaded the final trans la tion to a
Drive folder shared with all students
and coordinators.

work flow a trans lator follows before deliv ering their trans la tion to
the reviewer, including the self- revision of their own work. In this
case, the step of self- revision included more than one trans lator, as it
was a collab or ative project):

Step 1� Translation15

Step 2� Revision/editing16

In Drive, the two groups collab or at ively revised the texts they did not
initially trans late, creating a copy of the file directly in the Drive folder.
When the reviewers finished, trans lators accepted/rejected the
changes made.
When everyone agreed, they uploaded the final revised texts to a Drive
folder shared with all students and coordinators.
The students of the Univer sity of Udine revised all the texts one more
time, keeping in touch with the IULM work group.
Texts were ready for publication.

Appendix 1 shows precisely how each group proceeded with its work
at every step of the workflow.

17

A qual it ative analysis of the texts’ read ab ility was then carried out,
using compar ison tables to examine more closely the changes made
at each stage of the workflow.

18

Finally, researchers also used students’ reports to analyse the time
spent on each stage of the trans la tion process.

19
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Data collection
As regards the calcu la tion of timing, a propor tion was adopted to
adjust the results to the sample of char ac ters considered, as the two
groups worked on 75,336 and 83,510 char ac ters, respect ively. The
sum of the total time that each subject spent in each phase of the
work to trans late and review the total number of char ac ters was then
propor tioned to the number of char ac ters in the portion of text
examined. To collect signi ficant data and fairly compare working
times, researchers decided to analyse the trans la tion of a text sample
of 5,232 char ac ters for each tool, so that both texts were of the same
length (e.g., Total char ac ters  =  83,510, Text extract sample char ac‐ 
ters  =  5,232, Total time taken by all parti cipants to trans late Total
char ac ters = 710 min, total time taken by all parti cipants to trans late
Text extract char ac ters  =  44 min [propor tion result
5,232 ÷ 83,510 = x ÷ 710]. That is why the result obtained is not multi‐ 
plied by the number of parti cipants (five per group), because the
number already accounts for the total time.

20

To view all the data and verify the propor tions used in each phase,
refer to Appendix 1.

21

Study

Choosing the best AI- based tool
for translation

The initial step involved assessing which AI- based tool should be
used to generate the raw output for post- editing. Researchers
analysed the trans la tion of the same text provided by six of the most
widely used online tools: Google Trans late, Systran, Yandex, DeepL,
Microsoft Trans lator (as NMT), and ChatGPT (as LLM).

22

Researchers eval u ated the trans la tion from English into Italian of
the article My Distance Learning, 4 sourced from the EMT blog, using
a manual, quant it ative metric called SAE J2450.

23

This metric meas ures common errors made during trans la tion,
regard less of the source or target language, and whether humans or

24
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Table 1. TQS of different tools

Google Translate Systran Yandex Microsoft DeepL Ch

Serious Minor Serious Minor Serious Minor Serious Minor Serious Minor Serio

Wrong terms 2 1 4 4 2 1 3

Syntactic errors 4 3 1 7 1 3 1 1

Omissions 1

Word struc ture
and agree ‐
ment errors

1 1 1 1 1 1

Misspellings

Punc tu ‐
ation errors

Miscellaneous 1

TOTAL 14 20 24 14 10

Number
of words

799 787 805 808 794

TQS 1.75 2.54 2.98 1.73 1.26

machines perform the trans la tion. Developed by the Society of Auto‐ 
motive Engin eers, the metric is described as “a score sheet that
enables eval u ators to capture error types and quant ities of trans la‐ 
tion errors” (Woyde, 2001� 38). It provides a trans la tion error scoring
system (Trans la tion Quality Score, or TQS) to assess trans la tion
quality. It includes seven main error categories (i.e., wrong terms,
syntactic errors, omis sions/addi tions, word struc ture and agree ment
errors, misspelling, punc tu ation errors, miscel laneous) and two error
severity levels (minor or serious). When assessing trans la tion quality,
each error iden ti fied by the eval u ator is clas si fied into one of the
seven categories; after determ ining its primary category, the eval u‐ 
ator decides whether it is a serious or minor error based on its
severity. Both clas si fic a tion levels are subjective judg ments by the
eval u ator. Once the primary and secondary categories are set, each
error is weighted and summed. This total is then divided by the
number of words in the trans lated text to produce the trans la tion
quality score (Woyde, 2001). A lower score indic ates higher trans la‐ 
tion quality.
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As shown in the table, ChatGPT scored higher, while DeepL
performed better compared to the other NMTs. However, as these
two types of tech no lo gies (NMT and LLMs) operate in very different
ways, their trans la tion outputs can differ consid er ably, and it is
essen tial to consider the bene fits and limit a tions that might arise
from using each tool.

25

Machine trans la tion, which util ises various algorithms, patterns, and
large data bases of existing trans la tions, takes a source text, divides it
into words and phrases—segments—and substi tutes these with
corres ponding words and phrases in another language (the target)
(Smartcat, 2022). In other words, MT is expli citly made for trans lating
written texts.

26

Conversely, Large Language Models use deep learning tech niques to
under stand, summarise, generate, and predict new content. Once
trained, an LLM provides a basis for AI to be used for various prac tical
purposes (Stryker, 2023). One such purpose is to generate and trans‐ 
late texts by taking an input prompt and lever aging the learned
know ledge to predict the next word or phrase. The model iter at ively
produces the output, consid ering the context of the input and its
previous predic tions. There fore, LLMs were not created solely for
trans la tion, but they can perform this task.

27

Consid ering all this, after eval u ating the pros and cons of each tool, it
was decided to utilise ChatGPT as the found a tion for the trans la tion
since it has no typing restric tions, can be asked to edit sentences
endlessly, and exhibits superior reph rasing abil ities. Nonethe less, one
must remain vigilant with the source text because, when trans lating
from English into Italian, reph rasing can differ signi fic antly from the
original, altering the meaning of the trans la tion; there fore, thor ough
post- editing is always necessary.

28

Trans lating with a CAT tool: Smartcat

To compare the bene fits of collab or ative trans la tion work performed
using a CAT tool versus an LLM, a decision was made to eval uate the
texts produced based on changes made at each trans la tion step and
to analyse the time required by the translators.

29
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Table 2. Work flow, time, and changes – Smartcat

Step 1�
Original text
> first translation

Step 2�
First trans la tion
> internal revi sion
within the
Group A (A1 on A1,
A2 on A2, A1 on
A2, A2 on A1)

Step 3�
Internal revi ‐
sion > revi ‐
sion outside
Group A (B on
A, A
on REV(B))

Step 4�
Editing
of texts
trans ‐
lated by
Group A

Total
time spent

Time spent 86 min. 54 min. 57 min. 46 min. 243 min.
4 h

Most signi ‐
ficant changes

✓ ✓

Rendering in Italian

To collect signi ficant data and fairly compare working times,
researchers decided to analyse the trans la tion of a text sample of
5,232 char ac ters (length of the source text trans lated with Smartcat:
“Innov ating for access ib ility: Sign language at the Univer sity of
Geneva’s  FTI”) 5 for each tool, so that both texts were of the same
length. Researchers then compiled a table high lighting the steps of
the working process, the changes made to the text during each of
these steps, and, finally, the type of changes made, to under stand the
prob lems encountered that led to a vari ation in the following step.

30

See the appendix for the detailed timing by trans lator in total and
propor tioned to the number of char ac ters in the portion of
text examined.

31

As expected, the first trans la tion produced on Smartcat took the
parti cipants about 1.5 hours, as they had to create a new text in
another language from scratch. Although the first trans la tion was
already of medium- high quality, the revi sion steps took 2.6 hours,
bringing the total effort to 4 hours. Most changes occurred during
the external revi sion phase, which was carried out by other trans‐ 
lators, and in the final editing process before public a tion. These two
tasks required a total of 1.7 hours and mainly involved the
Italian rendering.

32

The following table displays some of the final changes made to the
first trans la tion, focusing on improving fluency in Italian and
selecting terms more appro priate for the context and
target language.

33
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Table 3. Examples of changes

Error type Original text Step 1 Step 2 Step 3 Step 4

Rendering
in Italian

Access ib ility is about
making sure that
people with disab il ities
and/or with special
needs have access to
society on an
equal basis.

Accessibilità
signi fica
assicurare
alle subjecte
con disabilità
e/o con
speciali
esigenze di
avere accesso
alla
collettività in
maniera equa.

- Accessibilità
signi fica
assicurare alle
subjecte con
disabilità
e/o con
bisogni speciali
di avere
accesso alla
società in
maniera equa.

-

We had two main goals
in setting up this
programme: improving
the inclu sion of Deaf
people by making the
work place more
access ible, and making
inform a tion more
access ible to a wider
public by
training communication

Avevamo due
obiet tivi prin ‐
cipali quando
abbiamo
messo a
punto questo
programma:
da una parte
l’inclu sione
delle persone
sorde nei
luoghi di
lavoro
rendendoli
più access ‐
ibili, dall’altra
parte far sì
che le
inform azioni
raggi un gano
un pubblico
più ampio

- Avevamo due
obiet tivi prin ‐
cipali quando
abbiamo messo
a punto questo
programma: da
una parte
l’inclu sione
delle persone
sorde nei
luoghi di lavoro
rendendoli più
access ibili,
dall’altra far sì
che le inform ‐
azioni raggi un ‐
gano un
pubblico
più ampio

Due erano gli
obiet tivi prin ‐
cipali quando è
stato messo a
punto
il programma:
da una parte
includere le
persone sorde
nei luoghi di
lavoro
rendendoli più
access ‐
ibili, dall’altra
convogliare
le informazioni
verso un
pubblico
più ampio

Trans lating with ChatGPT
The same type of analysis was conducted on the edited text initially
trans lated by ChatGPT. In this case, trans lators were asked to work
on another text, always sourced from the EMT blog (‘Can you see me?
Can you hear me?’ New teaching and learning envir on ments and the
new  ‘normal’) 6; researchers then took into consid er a tion for their
analysis the first part of the text (5,232 char ac ters), to correctly
compare working times and data.

34
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Table 4. Work flow, time, and changes – ChatGPT

Step 1�
Original text
> raw output

Step 2�
Raw output
> First indi‐ 

vidual MTPE of
the translation

Step 3�
Collab or ative

revi sion (video
call on

Microsoft Teams)

Step 4�
Collab or‐ 
ative revi‐ 
sion > revi‐ 
sion outside

Group B
(A on B,

B on REV(A))

Step 5�
Editing of texts
trans lated by

Group B

Total
time spent

Time spent 3 min. 81 min. 55 min. 52 min. 34 min. 224 min.
3.75 hours

Most signi ‐
ficant changes

✓ ✓

Calques
Grammar errors
Comprehension

Rendering
in Italian
Gender neutrality

See the appendix for the detailed timing by trans lator in total and
propor tioned to the number of char ac ters in the portion of
text examined.

35

Again, as expected, although the trans la tion time is very short – only
3 minutes, the revi sion time has increased signi fic antly to 3.75 hours.
However, in such cases, only the post- editing and revi sion time
should be considered for the work load, as the trans la tion was gener‐ 
ated very quickly by the tool.

36

Most of the editing was done during the initial post- editing of the
raw text to address calques, gram mat ical errors, and compre hen sion
issues. It is the most important part of the work flow: the trans lator
works on a trans la tion that, even though it is already good and
under stand able, must be care fully examined, thinking about every
word and sentence, trying to render the text as suit able as possible
for their target market. The changes made during this step not only
correct calques and gram mat ical or compre hen sion errors, but are
also intended to make the Italian text as fluid and compre hens ible as
possible. However, an external revi sion is still needed, since a
different subject, reading the trans lated text for the first time and
comparing it with the original text, may notice errors or inac curacies
that escaped the trans lator’s eye, who is accus tomed to their own
trans la tion and under standing. That is why we had Steps 4 and 5.

37
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Table 5. Examples of changes

Error type Original text Step 1 Step 2 Step 3 Step 4 Step 5

Gender neutrality but the key
is to be
adaptive,
flex ible
and patient.

ma la chiave
è essere adat ‐
tabili, fless ibili
e pazienti.

- - - ma la chiave è
sapersi adat ‐
tare con
flessibilità
e pazienza.

Casts/Comprehension Teaching
distance
learning
works in the
scen arios
already
mentioned
and it is a
solu tion
whilst we
minimise the
risk of infec ‐
tion on
campus and
wait for the
pandemic
to abate.

L’inseg na mento a
distanza
funziona negli
scenari già
menzionati ed è
una
soluzione mentre
cerchiamo
di minimizzare il
rischio di
infezione in
campus e atten ‐
diamo che
la pandemia
diminuisca.

L’inseg na mento a
distanza
funziona negli
scenari già
menzionati ed è
una
soluzione mentre
riduciamo al
minimo il rischio
di infezione
in presenza e
atten diamo che
la pandemia
si attenui.

- - L’inseg na ‐
mento a
distanza
funziona negli
scenari
già menzionati
ed è una
soluzione per
ridurre al
minimo il
rischio di
contagio in
presenza
mentre atten ‐
diamo che la
pandemia
si attenui.

exer ‐
cise lessons

lezioni di
esercizio

lezioni di
ginnastica

- - -

Rendering in Italian Can you see
me? Can you
hear me?

‘Riesci a
vedermi? Riesci
a sentirmi?’

- - - Mi vedete?
Mi sentite?

In fact, the editor working in the final phase aimed to improve the
Italian trans la tion and, partic u larly, to address gender- neutrality
issues—a common problem in Italian when a text is directed towards
an unspe cified audi ence. The machine tends to trans late all adject ives
and nouns refer ring to people of all genders with the over used
mascu line form in Italian. Still, for inclus ivity reasons, it is always
better to use gender- neutral words in Italian.

38

Conclusions
It must be noted that this is a pilot study involving only two work‐ 
flows; future research could involve larger groups of trans lators and
analyse work flows using different digital tools (e.g., NMT, CAT tools
integ rated with AI, etc.).
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As demon strated, although the time needed to generate the first
trans la tion from the original text in the LLM work flow is signi fic antly
reduced (3 vs 86 min.), the overall time for trans lators to deliver the
final version has not decreased substan tially (3.75 vs 4  h). This is
because AI does not always under stand the context and linguistic
subtleties, some times produ cing sentences that are hard to under‐ 
stand or even inac curate – which are easier to identify, but also
sentences that, despite appearing gram mat ic ally and syntactic ally
correct, do not truly reflect the meaning of the original text (“trans‐ 
parent errors”). The trans lator then must review the raw output very
care fully, correcting errors and adapting the language to the specific
context, as only an expert linguist can make the neces sary adjust‐ 
ments. Clearly, this step takes time.

40

On the other hand, the use of CAT tools allows trans lators to imme di‐ 
ately produce a more accurate version of the text in the target
language, requiring less revi sion. However, this forces them to invest
much more time in this step, espe cially if, as in this case, they do not
have a Trans la tion Memory avail able. In fact, students reported that
“working from a shared Word file would have been much faster”.

41

Taking everything into account, it is impossible to say with certainty
whether one work flow is more convenient for trans lators than the
other. What is certain, however, is that these two types of work are
different and require different skills, as the post- editors of AI output
must have a very deep under standing of how machines work and
what errors they most frequently make.
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In this context, it would be bene fi cial for trans lators to receive
special ised training on the most common machine errors in trans la‐ 
tion. This would enable them to identify these errors more swiftly
and thus reduce the time spent on post- editing the trans lated text.
Researchers from the Centre conducted a study on the advant ages
for students of enga ging with AI- based NMT and LLM systems, as
well as receiving targeted training on how these tools operate and the
types of errors they tend to generate. The find ings of the research
were presented at  the PRIN Inter na tional  Conference, held in
Bergamo on July 16-17, 2025 7.
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Ulti mately, it is essen tial for trans lators, partic u larly when working
with AI- translated texts, to retain their creativity, as some linguistic
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prob lems cannot be solved by machines alone. Only a human trans‐ 
lator’s creativity, intu ition, and skill can over come these chal lenges.
For example, as previ ously mentioned, when working with language
pairs in which one language faces issues with gender neut rality, the
trans lator’s resource ful ness can produce an accurate version that
faith fully reflects the source text’s meaning while respecting the
subtleties of the target language.

Another aspect we observed is that using a real- time commu nic a tion
tool (Microsoft Teams or What sApp, in this case) accel er ates certain
steps of the work flow and commu nic a tion (Laurenti & Villareale,
2023), as reported by students involved. In fact, the possib ility of
asyn chronous commu nic a tion via the comment feature of CAT tools
undoubtedly gives trans lators more flex ib ility in managing their work
and time, but it also extends the delivery time for the final text.
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We can then reflect on the prac tice of collab or ative trans la tion. In
their reports, students recog nised the prac tical useful ness of collab‐ 
or ative trans la tion, which helps trans lators improve both their trans‐ 
la tion skills and soft skills. Collab or ative work promotes discus sion
and the exchange of ideas, enables trans lators to under stand better
the source text, and enhances their ability to identify and correct
errors in a trans lated text. It also boosts their confid ence in their own
abil ities and skills.

46

In light of what has been said so far, it can be concluded that collab‐ 
or ative trans la tion, carried out with the aid of digital tools, not only
improves the final quality of the trans lated text but also enhances
trans lators’ working condi tions (Laurenti and Villareale, 2023). It
allows them to save time on mech an ical tasks and invest it in creative
tasks that require human input. There fore, tech no logy proves to be a
valu able aid to trans lators, provided they know how to utilise
it effectively.
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APPENDIX

Appendix

Group A: Trans la tion with Smartcat
6 people involved (5 trans lators/reviewers, 1 editor)
75,336 total trans lated characters
Sample of char ac ters in the portion of text examined: 5,232

Group A divided into two Subgroups as follows:

Subgroup A1� subject 1, subject 2
Subgroup A2� subject 3, subject 4, subject 5

Group B: Trans la tion with ChatGPT
6 people involved (5 trans lators/reviewers, 1 editor)
83,510 total trans lated characters
Sample of char ac ters in the portion of text examined: 5,232

Group B divided into two Subgroups as follows:

Subgroup B1� subject 1, subject 2
Subgroup B2� subject 3, subject 4, subject 5

Organ isa tion and timing of the
work flow with Smartcat
Please note that throughout the text- editing process, students kept in
touch via a What sApp group and updated each other on their progress
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almost daily.

Step 1� Divi sion of the parts to be trans lated based on the number of char‐ 
ac ters and translation.

In each subgroup (A1 and A2), the members divided up the assigned texts,
trying to keep a fair number of char ac ters per subject. Then, each subject
trans lated their own part indi vidu ally. After wards, each member of the
subgroup revised the trans la tions of the other members of their subgroup
using Smartcat’s comment func tion (A1 on A1, A2 on A2).

Step 2� Collab or ative review using Smartcat’s comment function.

Once the trans la tions were ready, subgroup A1 revised subgroup A2’s trans‐ 
la tions (A1 on A2), and subgroup A2 revised subgroup A1’s trans la tions (A2 on
A1). Again, each subject worked indi vidu ally, proofreading all the texts trans‐ 
lated by the other sub- group (e.g. subjects of A1 proofread all the texts
trans lated by subgroup A2).

Step 3� Revi sion of texts from Group A by compon ents of Group B.

Two subgroups were created within Group  B (B1, with two members, and
B2, with three members), and they revised the texts both indi vidu ally and
collab or at ively, providing comments and suggesting changes.

A member of the group created a table to better visu alise the titles of the
articles trans lated by Group A and the number of char ac ters in each text.
Students then decided how many char ac ters each subject would review
(approx im ately 21,000) and selected the texts accordingly.

Finally, Group A had to approve/refuse the changes proposed by Group B.

Step 4� Editing.

The editing of all the texts trans lated by Group A was performed by a single
student of the Univer sity of Udine.

Time spent by parti cipants to trans late, review, and edit all 75,332 characters

Step 1�
Original text
> first translation

Step 2�
First trans la tion >  internal revi‐ 
sion within Group  A (A1 on A1,
A2 on A2, A1 on A2, A2 on A1)

Step 3�
Internal revi sion
>  revi sion outside
Group  A (A on B, A
on REV(B))

Step 4�
Editing of
texts trans‐ 
lated by
Group A
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Subject 1 360 min. 180 min. 90 min.

660 min.

Subject 2 240 min. 210 min. 145 min.

Subject 3 180 min. 150 min. 290 min.

Subject 4 210 min. 120 min. 145 min.

Subject 5 240 min. 120 min. 145 min.

Time total 1230 min. 780 min. 815 min.

Time spent by parti cipants propor tioned to the number of char ac ters in the portion of
text examined

Total time Time for the sample

Step 1 1230 min. 86 min.

Step 2 780 min. 54 min.

Step 3 815 min. 57 min.

Step 4 660 min. 46 min.

Total 3485 min.
58 h

243 min.
4 h

Organ isa tion and timing of the
work flow with ChatGPT
Please note that throughout the text- editing process, students kept in
touch via a What sApp group and updated each other on their progress
almost daily.

Step 1� Divi sion of the parts to be trans lated based on the number of char‐ 
ac ters and creation of output with LLM.

The group was divided into two subgroups (B1, with two members, and B2,
with three members). Each member of the group uploaded the original
English texts to ChatGPT and extracted the raw output.

Step 2� Self- post-editing of the LLM’s raw output.

Each member of the group post- edited their own texts using the Word
review tool or the comments section. Parti cipants then exchanged texts and
revised them: B1 revised B2, and vice versa.

Step 3� Collab or ative real- time review using Microsoft Teams.

First video call: 135 minutes
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Second video call: 41 minutes

Step 4� Revi sion of texts from Group B by compon ents of Group A.

Group A revised the trans la tions from Group B. Again, the work was divided
between subgroups A1 and A2.

The last step for Group B was to approve/refuse the changes proposed by
Group A.

Step 5� Editing.

The editing of all the texts trans lated by Group B was performed by a single
student of the Univer sity of Udine.

Time spent by parti cipants to trans late, review, and edit all 83,510 characters

Step 1�
Original
text >
raw output

Step 2�
Raw output >  First
indi vidual self- 
revision of
the translation

Step 3�
Collab or‐ 
ative revision

Step 4�
Collab or ative revi‐ 
sion >  revi sion
outside Group B (B
on A, B on REV(A))

Step 5�
Editing
texts
trans‐ 
lated by
Group B

Subject 1 6 min. 200 min. 176 min. 155 min.

540 min.

Subject 2 8 min. 275 min. 176 min. 120 min.

Subject 3 10 min. 360 min. 176 min. 110 min.

Subject 4 20 min. 297 min. 176 min. 260 min.

Subject 5 5 min. 155 min. 176 min. 180 min.

Time total 49 min. 1287 min. 880 min. 825 min.

Time spent by parti cipants propor tioned to the number of char ac ters in the portion of
text examined

Total time Time for the sample

Step 1 49 min. 3 min.

Step 2 1287 min. 81 min.

Step 3 880 min. 55 min.

Step 4 825 min. 52 min.

Step 5 540 min. 34 min.

Total 3581 min.
60 h

225 min.
3.75 h
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ABSTRACTS

English
In today’s increas ingly glob al ised world, trans lators cannot avoid collab or‐ 
ating with tech no lo gical tools that offer a wealth of possib il ities. The advent
and prolif er a tion of gener ative AI and Large Language Models have brought
several advant ages to trans lators, partic u larly in terms of saving time.
However, it is important not to over es timate these systems’ capab il ities,
bearing in mind that human inter ven tion is still neces sary to ensure the
highest quality. This study invest ig ates how two groups of students collab‐ 
or ated with each other and with different digital tools to under stand the
bene fits that trans lators can derive from using tradi tional computer- 
assisted trans la tion (CAT) tools, machine trans la tion, and LLMs, and the
most effective way to organise collab or ative trans la tion work. It also exam‐ 
ines the most common chal lenges asso ci ated with using these tools,

http://www.iulm.it/wps/wcm/connect/iulm/minisiti-en/international-center-for-research-on-collaborative-
http://www.esp-xr.eu/events/conference%5D
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providing an initial guide for profes sionals and semi- professionals on how
to approach trans la tion tasks with them.

Français
Au cours des dernières décen nies, les progrès tech no lo giques consi dé rables
ont trans formé notre façon de vivre, de commu ni quer et de travailler. En
consé quence, tous les aspects de la traduc tion ont été profon dé ment
affectés, entraî nant des chan ge ments signi fi ca tifs. Par exemple, l'émer gence
de nouveaux rôles profes sion nels a été favo risée par l'essor des outils de
traduc tion auto ma tique ou assistée par ordi na teur (TAO), la crois sance des
traduc tions colla bo ra tives à grande échelle réali sées par des non- 
professionnels, ainsi que les inno va tions dans la théorie de la traduc tion
décou lant des avan cées technologiques.
De plus, au fil des années, la demande de traduc tion s’est accrue, dans un
monde où la commu ni ca tion devient de plus en plus multi mo dale et multi‐ 
lingue. Au moment même où Internet commen çait à se géné ra liser, les
cher cheurs s'ac cor daient à dire que l'ob jectif prin cipal de la traduc tion était
de convertir un texte initia le ment rédigé dans une langue en son équi valent
dans une autre, de manière à en préserver le sens, les carac té ris tiques
formelles et les rôles fonc tion nels (cf. Bell, 1991).
L'avè ne ment et le déve lop pe ment de nouvelles tech no lo gies, telles que la
traduc tion auto ma tique neuro nale (TAN), l'IA géné ra tive et les grands
modèles de langage (LLM), peuvent faci liter le travail des linguistes. Ces
tech no lo gies offrent un soutien signi fi catif grâce à leur capa cité à simuler le
langage naturel — même lors de la trans mis sion de messages complexes —
et à adapter les textes à la culture cible. Après tout, dès 1969, Nida et Taber
affir maient que la traduc tion consiste à repro duire l'équi va lence natu relle la
plus proche de la langue source dans la langue cible.
Comme l'a déjà souligné Piquet (2009), les concepts et les outils liés au
travail colla bo ratif ne sont pas une nouveauté. Cepen dant, au fil du temps,
ils ont pris une dimen sion tota le ment nouvelle grâce à la démo cra ti sa tion
des tech no lo gies de l'in for ma tion et de la commu ni ca tion dans la société et,
par consé quent, au sein de nos orga ni sa tions. Lors qu'on parle de travail
colla bo ratif, il est essen tiel de prendre en compte la dimen sion tech no lo‐ 
gique, ainsi que le fait que tous les outils de travail colla bo ratif dispo nibles
évoluent rapi de ment pour répondre aux besoins du marché et des utili sa‐ 
teurs. Ils gagnent en matu rité sur les plans tech nique, écono mique et social,
deve nant plus intui tifs, plus faciles à installer et plus avan ta geux du point de
vue des logi ciels comme des perfor mances (Laurenti & Villa reale, 2023).
De nombreux outils destinés aux acti vités colla bo ra tives sont aujourd’hui
dispo nibles en ligne, chacun présen tant des carac té ris tiques tech niques
spéci fiques. Un groupe de travail qui envi sage de les utiliser doit prendre en
compte diffé rents facteurs afin de s'as surer que l'outil choisi est effi cace et
adapté à la réali sa tion de l'ob jectif, sans perturber le flux de travail.
Le choix de l'outil appro prié pour une tâche spéci fique est essen tiel dans le
processus colla bo ratif, car toutes les tech no lo gies ne conviennent pas à
toutes les situa tions. Prendre une déci sion éclairée peut consi dé ra ble ment



CAT Tools or LLMs? Benefits and Challenges of Translating Collaboratively with Digital Tools: A Case
Study at IULM University

améliorer la qualité du travail. Cepen dant, le simple fait de choisir les bons
outils ne suffit pas à garantir que la tâche sera correc te ment exécutée. Il est
essen tiel que tous les parti ci pants comprennent bien ce que signifie
travailler de manière colla bo ra tive et s'en gagent plei ne ment dans cette
approche, plutôt que de cher cher à se démar quer. Dans le travail colla bo‐ 
ratif, les subjec ti vités indi vi duelles se fondent pour former une iden tité de
groupe unifiée.
Quiconque travaille sur une tâche de traduc tion colla bo ra tive à l’aide
d’outils colla bo ra tifs, tels que les divers outils de traduc tion auto ma tique
dispo nibles sur le marché, doit garder à l’esprit qu’il s’agit de tech no lo gies
impar faites (O’Brien, 2022 : 105). Par consé quent, le risque de malen tendus
dans la traduc tion écrite reste élevé, d’autant plus que les personnes impli‐ 
quées dans la commu ni ca tion ne peuvent pas utiliser le langage corporel
pour aider le traduc teur à comprendre exac te ment le sens de leur message.
Une révi sion appro fondie du texte traduit reste donc essentielle.
C'est pour quoi cette étude, menée par l'In ter na tional Center for Research
on Colla bo ra tive Trans la tion de l'uni ver sité IULM de Milan, analyse la
manière dont deux groupes d'étu diants ont colla boré entre eux et avec
diffé rents outils numé riques, afin de comprendre les avan tages que les
traduc teurs peuvent tirer de l'uti li sa tion des outils tradi tion nels de traduc‐ 
tion assistée par ordi na teur (TAO), de la traduc tion auto ma tique et des LLM,
ainsi que la manière la plus effi cace d'or ga niser le travail de traduc‐ 
tion collaborative.
L'ob jectif de cette étude était d'éva luer si l'uti li sa tion d'ou tils de traduc tion
auto ma tique neuro nale (TAN) ou de LLM présen tait un avan tage par rapport
aux outils de TAO tradi tion nels, étant donné que ces outils ont tendance à
produire des résul tats moins précis qui néces sitent une révi sion plus appro‐ 
fondie. Par consé quent, il fallait évaluer la qualité de la traduc tion au regard
du temps total néces saire pour accom plir la tâche.
Compte tenu du grand nombre d'ou tils de TAN et de LLM dispo nibles en
ligne, il était néces saire de sélec tionner celui le mieux adapté à cette tâche
de traduc tion parti cu lière. Les cher cheurs ont donc évalué la traduc tion de
l'an glais vers l'ita lien de l'ar ticle « My Distance Lear ning », dispo nible sur le
blog de l’EMT, à l'aide d'une mesure quan ti ta tive manuelle
appelée SAEJ2450.
À l'issue de l'éva lua tion, il a été décidé d'uti liser ChatGPT comme base pour
la traduc tion, car cet outil ne présente aucune limite de saisie, permet de
modi fier les phrases à l'in fini et fait preuve d'ex cel lentes capa cités
de reformulation.
Une fois cette étape terminée, les cher cheurs ont divisé les étudiants en
deux groupes de six personnes chacun (cinq traduc teurs/révi seurs, un
éditeur) : un groupe tradui sait à l'aide d'un outil de TAO colla bo ratif gratuit
(Smartcat) et l'autre post- éditait le résultat brut généré par l'outil d'IA sélec‐ 
tionné  ; les étudiants ont colla boré pour produire une traduc tion prête à
être publiée sur le blog de l'EMT.
En ce qui concerne le calcul des temps, les résul tats ont été réduits au
prorata de l'échan tillon de carac tères examiné, les deux groupes ayant
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travaillé respec ti ve ment sur 75  336 et 83  510 carac tères. La somme du
temps passé par chaque sujet à chaque étape du travail pour traduire et
réviser le nombre total de carac tères a ensuite été rapportée au nombre de
carac tères de la portion de texte examinée. Afin de recueillir des données
signi fi ca tives et de comparer équi ta ble ment les temps de travail, les cher‐ 
cheurs ont décidé d'ana lyser la traduc tion d'un échan tillon de texte de 5 232
carac tères pour chaque outil, de sorte que les deux textes aient la
même  longueur.
Comme prévu, la première traduc tion réalisée sur Smartcat a pris environ
une heure et demie aux parti ci pants, car ils ont dû créer un nouveau texte
dans une autre langue en partant de zéro. Bien que cette première traduc‐ 
tion fût déjà d'une qualité moyenne à élevée, les étapes de révi sion ont
néces sité 2,6 heures, portant le temps total consacré à 4 heures. La plupart
des modi fi ca tions ont été appor tées lors de la phase de révi sion externe,
effec tuée par d'autres traduc teurs, et lors du processus d'édi tion finale
avant la publi ca tion. Ces deux acti vités ont pris au total 1,7  heure et ont
prin ci pa le ment concerné le rendu en  italien.
En revanche, en travaillant avec ChatGPT, bien que le temps de traduc tion
soit très court – seule ment 3 minutes –, le temps de révi sion a consi dé ra‐ 
ble ment augmenté, attei gnant 3,75  heures. La majeure partie du travail
d'édi tion a été effec tuée lors de la post- édition initiale du texte brut afin de
corriger les calques, les erreurs gram ma ti cales et les problèmes
de  compréhension.
Il convient de souli gner qu'il s'agit d'une étude pilote portant unique ment
sur deux flux de travail  ; des recherches futures pour raient inclure des
groupes plus impor tants de traduc teurs et analyser des flux de travail utili‐ 
sant diffé rents outils numé riques (par exemple, la TAN, les outils de TAO
inté grant l'IA,  etc.).
Comme démontré, bien que le temps néces saire pour générer la première
traduc tion à partir du texte original dans le flux de travail LLM soit consi dé‐ 
ra ble ment réduit (3 contre 86 min.), le temps total passé par les traduc teurs
pour livrer la version finale n'a pas diminué de manière substan tielle (3,75
contre 4 heures). Cela s'ex plique par le fait que l'IA ne saisit pas toujours le
contexte et les subti lités linguis tiques, produi sant parfois des phrases diffi‐ 
ciles à comprendre, voire inexactes – qui sont plus faciles à repérer –, mais
aussi des phrases qui, bien qu'ap pa rem ment correctes sur le plan gram ma‐ 
tical et syntaxique, ne reflètent pas fidè le ment le sens du texte original
(«  erreurs trans pa rentes  »). Le traduc teur doit donc relire très atten ti ve‐ 
ment le résultat brut, en corri geant les erreurs et en adap tant le langage au
contexte spéci fique, car seul un linguiste expé ri menté peut apporter les
modi fi ca tions néces saires. Il est évident que cette étape prend du  temps.
D'autre part, l'uti li sa tion d'ou tils de TAO permet aux traduc teurs de
produire immé dia te ment une version plus précise du texte dans la langue
cible, qui néces site moins de révi sions. Cepen dant, cela les oblige à consa‐
crer beau coup plus de temps à cette étape, surtout si, comme dans le cas
présent, ils ne disposent pas d'une mémoire de  traduction.
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Compte tenu de tout cela, il est impos sible d'af firmer avec certi tude qu'un
flux de travail est plus avan ta geux pour les traduc teurs qu'un autre. Ce qui
est certain, cepen dant, c'est que ces deux types de travail sont diffé rents et
requièrent des compé tences diffé rentes, car les post- éditeurs de textes
générés par l'IA doivent avoir une compré hen sion appro fondie du fonc tion‐ 
ne ment des machines et des erreurs qu'elles commettent le plus souvent.

Italiano
Nel mondo di oggi, i tradut tori non possono prescin dere dal colla bo rare con
stru menti tecno lo gici: l'av vento e la diffu sione dell’IA gene ra tiva e dei
modelli lingui stici di grandi dimen sioni (LLM) hanno compor tato diversi
vantaggi, in parti co lare in termini di risparmio di tempo. Tuttavia, è impor‐ 
tante non soprav va lu tarne le capacità, tenendo presente che solo l'in ter‐ 
vento umano può garan tire la massima qualità della tradu zione. Obiet tivo
del presente studio è compren dere i vantaggi che i tradut tori possono
trarre dall'uso dei tradi zio nali stru menti di tradu zione assi stita (CAT), dalla
tradu zione auto ma tica e dagli LLM, nonché il modo più effi cace per orga‐ 
niz zare il lavoro di tradu zione colla bo ra tiva. Pertanto, è stato inda gato il
modo in cui due gruppi di studenti hanno colla bo rato tra loro e con diversi
stru menti digi tali al fine di produrre una tradu zione di alta qualità. Lo studio
esamina inoltre le sfide più comuni asso ciate all'uso degli stru menti digi tali
basati su IA.
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